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Overview

Data Analysis Versus Data Proﬁling

The current economic climate forces all businesses to compete more
effectively. The ever increasing pressure to reduce margins in recent
years has forced organizations to look inwardly at solutions based on
FXWWLQJFRVWVDQGPD[LPL]LQJFXVWRPHUSUR¿WDELOLW\7KHVHGULYHUV
result in a reliance on IT systems supporting the likes of: Enterprise
Resource Planning, Customer Relationship Management, Supply
Chain Management, Manufacturing, Stock Control, Logistics, and
Business Intelligence Solutions, to name but a few.

Traditional data analysis techniques are simply unable to cope with
the scale of today’s data management challenges, which inevitably
stretch the analysis resources available to the point where radical
reductions of scope become a necessity. These factors contribute to
the near certainty of missing completely, or managing incorrectly,
critical data quality problems.

However, all of these solutions only deliver value if the data they
depend on is accurate, complete, and consistent. This information
feeds and supports everything from the simplest business process
to the highest level strategic decision. Hence, the quality of an
organization’s data assets directly impacts on the bottom line.
A recent survey commissioned by the Data Warehousing Institute
estimates that poor data quality costs US businesses alone more than
$600 billion a year. In our experience, the greatest losses are derived
from:
>> Wasted investment into new systems that do not deliver a return
 RUFRQFUHWHEHQH¿WV
>> ([FHVVLYHRYHUKHDGVGXHWRLQÀH[LEOHSURFHVVHVUHOLDQWRQGDWD
 WKDWLVQRW³¿WIRUSXUSRVH´
>> Lost revenue caused by poor quality customer data
>> Flawed strategic business decisions based on inaccurate or
incomplete data

More often than not, data quality issues remain hidden until they
surface at a time when they have the most negative impact on
business performance. In a project context, this frequently occurs
GXULQJORDGLQJ¿QDOWHVWLQJRUJROLYHVLWXDWLRQVZKHUHWKHFRVWVRI
UHWURVSHFWLYHO\¿[LQJWKHLVVXHVKDYHULVHQH[SRQHQWLDOO\ VRPHWLPHV
to the point where all the business value of the project is negated). It
is impossible to guess in advance where these problems exist. Only
comprehensive and regular data audits identify all possible dangers
before they adversely affect the business or become unmanageable.
“Unfortunately, conventional methods for analyzing real data take
a great deal of time, involve only small samples of the data and fail
to deliver a complete understanding of the source data. Manual or
semi-automated processing techniques cannot possibly compare the
thousands of attributes and millions of values necessary to uncover
the relationships. The answer is a new category of software called
GDWDSUR¿OLQJ>@ZKLFKRIIHUVDIDVWDFFXUDWHDQGDXWRPDWHGZD\
to understand your data. It enables a small, focused team of technical
and business users to quickly perform the highly complex tasks
QHFHVVDU\WRDFKLHYHDWKRURXJKXQGHUVWDQGLQJRIVRXUFH>RUWDUJHW@
data. This level of understanding cannot be achieved through
conventional approaches.”
Craig Olson, Data Management Review, March 2000

The need to analyze data is at the foundation of every effective
data management strategy since the dawn of modern information
systems. Whether auditing your data assets to assess quality,
ensure regulatory compliance, gain a better understanding of your
information needs, or to embark upon new systems implementations,
'DWD3UR¿OLQJGHOLYHUVDGHHSHUDQGEURDGHULQVLJKWLQDIUDFWLRQRI
the time required by traditional approaches to data analysis.

'DWDSUR¿OLQJWHFKQRORJ\YDVWO\LPSURYHVWKHVFRSHDQGGHSWKRI
data analysis in three key ways:
>> Automation of traditional analysis techniques – it is not
uncommon to see analysis time cut by 90% while still providing
a better understanding.
>> Ability to apply a brute force approach to analyzing data –
analysts are no longer limited to working just with sample data.

2

Data Profiling: Underpinning Quality Data Management
White Paper

7HUDE\WHVRIGDWDDUHSUR¿OHGHIIHFWLYHO\DQGFRPSOHWHO\
Sometimes the smallest anomalies have the greatest impact.
>> Assessment of rules that govern data which cannot easily be
discerned via manual coding and inspection – pattern generation,
dependency testing, join analysis.
'DWD3UR¿OLQJLVWKHFUXFLDO¿UVWVWHSWREHXQGHUWDNHQDWWKHVWDUWRI
DQ\GDWDGULYHQLQLWLDWLYHZKHWKHUDQHZGDWDZDUHKRXVHV\VWHP
migration, data integration project, or the implementation of a
corporate data quality strategy. Without the level of insight Data
3UR¿OLQJSURYLGHVWKHULVNRIKLWWLQJGDWDTXDOLW\LVVXHVUHPDLQ
unacceptably high for modern businesses.

The Problems Data Proﬁling
Addresses
7KHROGDGDJH³JDUEDJHLQJDUEDJHRXW´DSSOLHVPRUHWRGD\WKDQ
HYHUEHIRUHDVGDWDFHQWULFV\VWHPVVXSSRUWHYHU\DVSHFWRIUXQQLQJ
a business. If data is of a poor quality, or managed in structures that
cannot be integrated to meet the needs of the enterprise, business
SURFHVVHVLQHYLWDEO\VXIIHUDVZLOOGHFLVLRQPDNLQJDQGSUR¿WDELOLW\
Data quality issues are endemic in most organisations – duplication,
incompleteness, inconsistency, and countless other potential anomalies
DOOSOD\DSDUWLQXQGHUPLQLQJRSHUDWLRQDOHI¿FLHQF\)XUWKHUPRUH
any gaps in one’s understanding of the business rules that govern that
data result in new processes and systems being rolled out that fail to
PHHWWKHHYHUFKDQJLQJQHHGVRIWKHRUJDQL]DWLRQWKXVFRPSRXQGLQJ
the existing problems, compromising trust in the data and increasing risk.

It is not always easy to quantify the exact cost of having projects and
business processes undermined by data quality issues, but it is accepted
WKDWWKHLPSDFWRQSUR¿WDELOLW\DFURVVDQHQWHUSULVH0RVWGLVWXUELQJ
of all is that many organizations have few metrics in place to assess
the extent to which poor data quality affects the bottom line, whether
that be from lost revenue, excessive overheads, or unsound business
decisions based on misleading business intelligence. Ultimately, the
success or failure of a business depends on the quality of its data assets.
Although often hidden within departmental budgets, it is easier to
YDOXHWKHRQJRLQJFRVWRI³¿UH¿JKWLQJ´V\VWHPVH[KLELWLQJGDWD
quality issues. These costs break down principally to the associated
requirements of:
>> Identifying data quality issues through thorough data analysis
>> Managing the priorities, statuses, and allocations of remedial
activities and resources
>> Implementing, validating, and sustaining data quality
improvements
Even taken on its own, the ability to reduce or eliminate these
RYHUKHDGVDOPRVWDOZD\VMXVWL¿HVWKHDGRSWLRQRI'DWD3UR¿OLQJ
WHFKQRORJ\%XWWKHFRQVHTXHQWEHQH¿WVDFURVVWKHHQWHUSULVHDUH
often many times greater.
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Without a thorough understanding of data quality issues, it is
almost inevitable that development costs will spiral and projects
ZLOORYHUUXQRUHYHQIDLORXWULJKW$FOHDUXSIURQWSLFWXUHRIDOO
the potential issues is essential to plan projects effectively. Data
cleansing and transformation requirements must be understood
EHIRUHWLPHVFDOHVDQGFRVWVDUH¿QDOL]HGQRWDIWHU7UDGLWLRQDO
approaches to data analysis simply cannot answer all the questions
that need to be asked. Especially when it is not clear what those
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Figure 1: Typical Project-based Scenario
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Figure 2: Traditional Analysis Approach
>> No centralization of information
>> Tools applied on ‘ad hoc’ basis
>> High data management overheads
>> Increased effort and greater risk

,PSOHPHQWLQJD'DWD3UR¿OLQJOHGDSSURDFKDVD¿UVWVWHSLQDOOGDWD
driven projects, radically improves the performance of activities
UHOLDQWRQGDWDPDQDJHPHQWDQGVLJQL¿FDQWO\UHGXFHULVNVFRVWVDQG
timescales.
When used, in tandem, to support a strategic data quality initiative,
'DWD3UR¿OLQJLGHQWL¿HVJDSVHDUO\WRHQVXUHWKDWKLJKSHUIRUPDQFHLV
sustained across the organization.

How Does Data Proﬁling Promote
Better Data Quality?
'HOLYHULQJEHWWHUGDWDTXDOLW\UHOLHV¿UVWDQGIRUHPRVWRQ
understanding the data you manage and the rules that govern that
data. Without this knowledge, no effective data management plan
FDQEHIRUPXODWHG3UR¿OLQJGDWDSURYLGHVERWKWKHIUDPHZRUNDQG
roadmap to improved data quality, smoother running systems, more
4
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Figure 3: Data Proﬁling Led Approach
>> Single point of reference
>> Designed for analysis activities
>> Reduced management overheads
>> Increased conﬁdence and lower risk

HI¿FLHQWEXVLQHVVSURFHVVHVDQGXOWLPDWHO\WKHSHUIRUPDQFHRIWKH
enterprise itself.
&RPSDUHGWRPDQXDODQDO\VLVWHFKQLTXHV'DWD3UR¿OLQJWHFKQRORJ\
VLJQL¿FDQWO\LPSURYHVWKHRUJDQL]DWLRQ¶VDELOLW\WRPHHWWKH
challenge of managing data quality.

Core Features of Data Proﬁling
Technology
$FRPSOHWH'DWD3UR¿OLQJVROXWLRQGHOLYHUVWKUHHGLPHQVLRQDO
analysis rather than being limited largely to what is achievable
WKURXJKPDQXDOWHFKQLTXHVQDPHO\&ROXPQ3UR¿OLQJ,GHDOO\WKH
solution should also support a collaborative approach that centralizes
analytical effort, metadata management for structures and rules,
LVVXHWUDFNLQJZRUNÀRZSURFHVVPDQDJHPHQWGRFXPHQWDWLRQDQG
reporting.
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Figure 4: Core Features of Data Proﬁling Technology

Metadata Management
0DQDJLQJPHWDGDWD LHWKHOLEUDU\RIGH¿QLWLRQVGHVFULELQJWKH
FRXQWOHVVGDWDVWUXFWXUHVDQGUXOHV LVDQRQWULYLDOWDVN0RUHRIWHQ
than not, this crucial information is both not accessible to those who
QHHGLWDQGRXWRIGDWH7\SLFDOO\WKHVHGH¿QLWLRQVDUHFDSWXUHGRQO\
when systems are implemented and stored in text documents that have
no physical links to the systems themselves. Dynamically changing
business needs lead to constant evolution, not only in the way existing
structures are used and interpreted, but also in the behaviour of the
data itself. New structures are added and some existing structures
become redundant. Similar or related information is often stored in
VHYHUDOSDUWVRIWKHRUJDQL]DWLRQ0DLQWDLQLQJDFFXUDWHFURVVUHIHUHQFHV
is pivotal to ensuring synchronization and consistency.

&RPSUHKHQVLYH'DWD3UR¿OLQJVROXWLRQVZLOOSURYLGHDIUDPHZRUN
for capturing and maintaining an accurate Data Dictionary, driven by
the data resources themselves, across all source platforms.

7KHDGYDQWDJHRI'DWD3UR¿OLQJWHFKQRORJ\LVWKDWLWGRHVQRWUHO\
on existing system documentation or pools of expertise hidden in
the business. Instead, insight into the structure and rules governing
data assets is derived from the data directly, thus avoiding incorrect
assumptions and overlooked issues.

Column Proﬁling

Figure 5: Metadata Management

Ideally, they should additionally provide the option of managing
VQDSVKRWVRIGDWDVRXUFHV DORQJZLWKDQDO\VLVUHVXOWV RIÀLQHIURP
operational systems. This allows the review of data quality histories
can be reviewed over time to identify trends and spot unexpected
anomalies as soon as they develop.

&ROXPQSUR¿OLQJSURYLGHVWKH¿UVWFXWLQXQGHUVWDQGLQJGDWD7KLV
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Figure 6: Column Proﬁling

is the area where traditional manual data analysis techniques focus
PRVWRIWKHLUDWWHQWLRQORRNLQJDWHDFKGDWDDWWULEXWH FROXPQ LQWXUQ
to evaluate basic features such as dominant data type, percentage
SRSXODWLRQXQLTXHQHVVYDOXHUDQJHVDQG¿HOGOHQJWKV
+RZHYHUXQOLNHPDQXDODQDO\VLV'DWD3UR¿OLQJSURYLGHVVHYHUDO
additional capabilities that cannot easily be achieved using
WUDGLWLRQDOKDQGFRGHGDSSURDFKHV
>> The ability to process the entire source rather than a subset of rows
or columns limited by how much time is available to the team.
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>> All data features across the source can be summarized and reviewed
rather than just focusing on the issues that are already known.
>> Generation and analysis of patterns in data. For instance, many
LWHPVVXFKDVSRVWDOFRGHVDQGFXVWRPHULGHQWL¿HUVFRQIRUPWR
DGH¿QHGVHWRIVWDQGDUGDOSKDQXPHULFVWUXFWXUHV3DWWHUQDQDO\VLV
HQDEOHVLPPHGLDWHLGHQWL¿FDWLRQRIQRQVWDQGDUGYDOXHV
>> 0RVW'DWD3UR¿OLQJWRROVDXWRPDWLFDOO\JHQHUDWHYDOXHIUHTXHQF\
lists allowing analysts to quickly review the range and spread of
data values as well as identifying unexpected duplicates.
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GH¿QHDQGWHVWWKHNH\DQGGULOOGRZQWRH[FHSWLRQVLQDIUDFWLRQRI
the time it would take to script an equivalent query and run it against
the database.

Dependency Testing
Like key testing, dependency testing focuses on the relationships
EHWZHHQGDWDYDOXHVDFURVVDWWULEXWHV FROXPQV LQDVLQJOHHQWLW\
WDEOH +RZHYHUKHUHWKHHPSKDVLVLVQRWRQXQLTXHQHVVEXW
consistency. For instance, if we believe that a combination of two
¿HOGYDOXHV>DE@VKRXOGDOZD\VVSHFL¿FDOO\PDWFKYDOXHVLQWKUHH
RWKHU¿HOGV>[\]@ZHFDQWHVWWKLVFRUUHODWLRQUHJDUGOHVVRIURZV
where the same values are duplicated. We are only interested in
H[FHSWLRQVVXFKDV>DE@GHWHUPLQHVERWK>[\]@DQG>[\\@

Figure 7: Key Testing

Figure 8: Key Testing

>> ,QVWDQW³GULOOGRZQ´DFFHVVWRUHOHYDQWUHFRUGVEDVHGRQLGHQWL¿HG
IHDWXUHV DYDOXHRUSDWWHUQ WKDWUHTXLUHIXUWKHUDQDO\VLV
)LJXUHLOOXVWUDWHVDFROXPQSUR¿OHYLHZZKHUHGXSOLFDWH&XVWRPHU
,'QXPEHUVDUHLGHQWL¿HG7KHERWWRPOHIWSDQHFRQWDLQVWKHGULOO
down to affected records.
0DQ\SURGXFWVWKDWFODLPWREH'DWD3UR¿OLQJVROXWLRQVRQO\SURYLGH
FROXPQSUR¿OLQJFDSDELOLWLHV7RDFKLHYHDFRPSOHWHXQGHUVWDQGLQJ
of your data, it is essential to look beyond the behavior of attributes
in isolation so that relationships between attributes within and across
tables/systems are assessed and tested for anomalies.

Key Testing
Key testing allows the analyst to verify the uniqueness of primary
DQGFDQGLGDWHNH\VZLWKLQDQHQWLW\ WDEOH 6LQFHNH\VXQLTXHO\
LGHQWLI\WKHGDWDLQRWKHUQRQNH\¿HOGVLWLVFUXFLDOWKDWWKH\SHUIRUP
the intended role. Key testing provides an explicit tool for assessing
PRUHFRPSOH[VLWXDWLRQV±LQSDUWLFXODUZKHUHNH\VDUHGH¿QHGXVLQJ
combinations of more than one attribute.

Dependency testing has particular relevance when restructuring
GDWD7KHPDMRULW\RIROGHUV\VWHPVUHOLHGRQPHUJLQJWDEOHV GH
normalization) to enhance performance. This results in the values
in some columns not being directly dependent on the primary key,
EXWRQRWKHUFROXPQ V LQWKHWDEOHZKLFKLQWXUQDUHGHSHQGHQWRQ
WKHNH\ WUDQVLWLYHGHSHQGHQFLHV $OWKRXJKWKLVWHFKQLTXHRIIHUV
SHUIRUPDQFHEHQH¿WVLWDOVROHDGVWRDQRPDOLHVFUHHSLQJLQWRWKH
data. These anomalies cause problems if the data is subsequently
PRYHGLQWRPRUHRSWLPLVHGVWUXFWXUHV D'DWD:DUHKRXVHRUQHZ
ERP system), or if the data is just used in new ways and assumptions
are being made about its consistency.
Figure 9 shows the result of a dependency test where the combination
RIVSHFL¿F&RXQWU\DQG3RVWDO&RGHYDOXHVDUHDOZD\VH[SHFWHGWR
return consistent City and Region values. For instance, a combination
of Country UK and Postcode MK1 should always occur together with
the City Milton Keynes. The example shows that City and Region
YDOXHVFRUUHODWHRQO\DQGUHVSHFWLYHO\%RWKUHODWLRQ
VKLSVDUHWKXVFODVVL¿HGDV³3RWHQWLDO´DQGDOOFRPSDWLEOHDQG
incompatible value combinations are shown in the panes on the right.
7KHKLJKOLJKWHGURZVVKRZDGULOOGRZQWRDVSHFL¿FSDLURILQFRQVLVWHQW
rows. It is clear from looking at this example that the primary cause
of the inconsistency is that there are missing Postal Codes leading to
ambiguity in the dependency being tested. One might chose to retest
this relationship after the issue of missing Postal Codes is addressed.

In Figures 7 and 8, we show an alternative key combination being
WHVWHG$JDLQQRWHKRZ'DWD3UR¿OLQJDOORZVWKHXVHUWRLQWHUDFWLYHO\
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Figure 9: Dependeny Testing

Join Testing
Join testing is a vital step in any project relying on the ability to
integrate data from separate sources. Consider a scenario where a
data warehouse is envisaged to create a single view of customer data.
The requirements may dictate that data is drawn from previously
unconnected systems managing customer relations, accounts,
ordering, and deliveries. Any assumptions about the common data
VXFKDVFXVWRPHUDQGDFFRXQWFRGHV WKDWDUHXVHGWRPHUJHWKH
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sources must be thoroughly tested as part of assessing the feasibility
of the project. Figures 10 and 11 provide more detail.
Figure 10 shows a clean result from a join test where there is a
complete overlap of AREA_ID values between a Sales Area table
FRQWDLQLQJUHFRUGV DOOZLWKXQLTXHYDOXHV DQGD&RXQWU\
ORRNXSWDEOHFRQWDLQLQJUHFRUGV FRQWDLQLQJWKHVDPH
unique values). The fact that there are duplicates in the Country
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Figure 10: Clean Result from a Join Test

Figure 11: Mismatch from a Join Test

lookup is not a concern as long as each Area matches a Country. The
cardinalities in the Details table indicate a consistent relationship
ZKHUHUHFRUGVHLWKHUPDWFKWRRUWR0DQ\ 0RYHUDOO 
Note that, even with a full overlap of values in the Venn Diagram,
any combination of values exhibiting both 1:M and M:1, or any M:
M, relationships make integrating this data almost impossible. The
reason is because it is not clear which Area record matched which
Country record when alternatives exist on both sides.

in the lookup. However, there is an assumed business rule that all
addresses we keep must match a country. This test has proved that
DOOEXWWZRGRQRWPDWFK8VLQJGULOOGRZQVZHVRRQHVWDEOLVKWKDW
the orphan Country value in the Address table is UK. Similarly, we
uncover an unused orphan in the Country table of GB. Although
these values have slightly different semantic meanings, we conclude
that two systems were implemented using different standards and
these values are assumed equivalent for the purposes of the project.

Figure 11 shows a very different picture. In this case, there is a
radical mismatch of Country values between an Address table and
the same Country lookup we used above. Only 2 values are common
DFFRXQWLQJIRUDPHUHUHFRUGVEHWZHHQWKHWDEOHV 

A prudent choice in light of this discovery is to standardize the values
across the systems as a cleansing task and retest the join to ensure
consistent cardinalities.

We are not surprised to see that there are orphan Country codes if we
already know that we only do business with a handful of countries

1RWHWKDWZHOOLPSOHPHQWHG'DWD3UR¿OLQJVROXWLRQVDXWRPDWLFDOO\
support join tests between attributes even if their names and
datatypes do not match exactly.
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Issue Management
Managing issue progress is a challenge in itself. In a single view of
a customer data warehouse project run at a leading telecom provider
LQWKH8.DWHDPRIGDWDDQDO\VWVLGHQWL¿HGLVVXHVSHUZHHN
As with most projects, issues are managed separately to the analysis
SURFHVVXVLQJWRROVOLNH([FHORU³KRPHJURZQ´GDWDEDVHV,QHLWKHU
case, tracking issues back to source data is practically impossible and
managing the issue list becomes yet another overhead.
1R'DWD3UR¿OLQJWHFKQRORJ\LVFRPSOHWHZLWKRXWLQWHJUDWHGVXSSRUW
for documenting and managing the lifecycle of data quality issues.
Although it is often the case that cleansing and transformation tasks
DUHFDUULHGRXWXVLQJRWKHUFKHUU\SLFNHGWRROVLWPDNHVVHQVHWR
have a central shared repository of all open and closed issues. It
also makes sense to provide this functionality where the issues are
LGHQWL¿HGVRWKDWWKH\FDQEHOLQNHGLQWKHUHSRVLWRU\WRWKHVRXUFH
structures and records that exhibited the problems.
)HZ'DWD3UR¿OLQJRIIHULQJVSURYLGHPRUHWKDQWKHRSWLRQWRDWWDFK
simple notes to data structures and values. Fewer still support issue
UHVROXWLRQZRUNÀRZZKHUHLVVXHVFDQEHDWWULEXWHGZLWKGHWDLOVVXFK
as ownership, assignment, priority, status, categorisation, and their
histories tracked for management purposes. Add to this the ability
to report on issues by any combination of these features and one can
provide complete visibility for issue management.

Deploying Data Proﬁling Technology

Figure 12: Issue Management

¿QDOL]HG7KHUHIRUHPRUHLQIRUPHGGHFLVLRQVFDQEHPDGHDERXW
the project timescales, approach, and which other technologies are
required for successful project completion. In many cases, being able
to perform a complete, rather than partial, data assessment forms a
crucial element in qualifying the feasibility of the entire project.
)LJXUHLOOXVWUDWHVKRZ'DWD3UR¿OLQJWHFKQRORJ\LVDSSOLHGZLWKLQ
the data analysis and preparation phase of a typical project.

'DWD3UR¿OLQJWHFKQRORJ\LVUHDGLO\LQWHJUDWHGZLWKLQH[LVWLQJGDWD
management functions. It supports, accelerates, and enhances most
activities related to data analysis. Analysts achieve their goals to a
greater depth in a fraction of the time normally required with such tasks.

%H\RQGVSHFL¿FSURMHFWV'DWD3UR¿OLQJDOVRGHOLYHUVVLJQL¿FDQW
EHQH¿WVWRDQ\XVHUHQJDJHGLQDVVHVVLQJGDWDRQHYHQDQDGKRF
EDVLV:KHWKHUGHDOLQJZLWKODUJHRUVPDOOYROXPHVRIGDWDSUR¿OLQJ
accelerates analytical work and provides a bridge for communication
between technical, business and management members of a team.

In the context of implementing new systems and solutions, Data
3UR¿OLQJEHFRPHVSDUWRIWKHSURMHFWWRRONLWDORQJZLWKRWKHU
potentially necessary technologies such as Cleansing and ETL
([WUDFW7UDQVIRUP/RDG FDSDELOLWLHV%XWGXHWRWKHHQKDQFHG
DELOLW\IRUDXGLWLQJGDWDVRXUFHVUHOHYDQWWRWKHSURMHFW'DWD3UR¿OLQJ
provides a much clearer view of existing quality issues at a time
when decisions about downstream project activities are still being

Furthermore, as companies increasingly look to implement ongoing
VWUDWHJLFGDWDTXDOLW\LQLWLDWLYHV'DWD3UR¿OLQJWHFKQRORJ\RIIHUV
existing corporate analysis and data management resources the
required tools. These tools include the ability to analyze data within
meaningful timeframes and the means by which to monitor progress
and performance. Investing in data assets is only as valuable as the
ability to sustain quality going forwards.
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Figure 13: Applying Data Proﬁling Technology

Conclusion

>> Facilitated communication between analysts, business users, and
quality managers

Who Does Data Proﬁling Beneﬁt, and How?

Project Managers

$VDPDWXUHWHFKQRORJ\LWLVDPSO\GHPRQVWUDWHGWKDWD'DWD3UR¿OLQJ
led approach delivers tangible value across the business when applied
to the challenges of data analysis and quality management. Adoption is
VWUDLJKWIRUZDUGDQGWKHSRWHQWLDOUHWXUQVRQLQYHVWPHQWYHU\VLJQL¿FDQW
At the enterprise level, its ability to raise and maintain the quality of
corporate information promotes competitive advantages and cost cuts.
7KHIROORZLQJVXPPDUL]HVWKHGLUHFWEHQH¿WVWKDWDUHH[SHFWHG

Data Analysts and Data Managers

>> Step improvements in analysis performance through automation –
do more in less time
>> 6LJQL¿FDQWLQFUHDVHWRDFKLHYDEOHEUHDGWKDQGGHSWKRIDQDO\VLVVFRSH

>> Visibility of all data quality issues and their current statuses
>> Condensed and achievable delivery timescales
>> 5HGXFHGULVNRISURMHFWGHOD\VDQGEXGJHWRYHUUXQVGXHWR
unexpected data quality issues

System Owners

>> Sustainable data quality
>> Diminished operational costs
>> Fewer disruptions and less manual intervention
>> Ability to deliver a better value service

>> Far clearer understanding of data content and business rules
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Data Owners/Stewards

>> Framework for effective delivery of data quality strategy
>> Ability to meet data quality responsibilities
>> *UHDWHUFRQ¿GHQFHLQGDWDDVVHWV

Executive Management

>> Effective business processes based on accurate, complete, and
trustworthy information
>> Better guarantee of return on investment from corporate systems
and data assets
>> Reliable information supports better strategic and tactical
business decisions
>> ,QFUHDVHGSUR¿WDELOLW\WKURXJKLPSURYHGHI¿FLHQF\DQGFXVWRPHU
management
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